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Abstract

Large Language Models (LLMs) are increasingly used in autonomous multi-agent systems. They have seen extensive success in the fields of web navigation, software engineering, personalised learning and research.
However, due to its technical and multi-facet requirements (dynamic control and monitoring, feedback collection, sustainability awareness), energy management remains a challenging domain. An agentic system holds
potential to address these challenges, serving a range of campus stakeholders (students, faculty, and administrators). This project leverages emerging frameworks in Microsoft's Al Agent Services to demonstrate a proof of
concept for a conversational campus energy management system. Building on base agents, it integrates language and search services to enable a robust orchestration. The system includes a user-facing chatbot that can
respond to system-related queries, collect student feedback, and assist administrators with energy monitoring prognostics and chart-based visualisations. The project also designs a synthetic energy data schema with
hierarchical infrastructure, usage categories, and environmental context that mirrors real world systems and supports agentic capabilities. The system is evaluated on modular (individual agents and services) and end-to-
end levels. Special focus is given to explore intent routing, access-level based grounding mechanisms, and query complexity. All together the assessments outline practical challenges of composite agentic workflows and
their integration with external services. They discuss promising future directions through integrations with real-world energy systems.
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Performance Analysis & User Experience
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